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Abstract

This paper investigates how AI practitioners in India per-
ceive and experience Responsible AI (RAI) through mixed-
methods qualitative research with participants from indus-
try and academia. We argue that RAI practice in India op-
erates as a doubly hegemonic system in which global West-
ern frameworks that privilege technical and procedural con-
ceptions of responsibility converge with local caste-gender
hierarchies to determine what counts as legitimate ethical
knowledge. Drawing on interviews with 18 practitioners,
we show how this double hegemony operates through three
interlocking mechanisms. Counter-hegemonic perspectives,
particularly corrective justice framings articulated by caste-
marginalised practitioners, are shadowed through epistemic
silencing. Surviving critique is channelled into technosolu-
tionist forms that leave organisational power intact. The sys-
tem is sustained through performative compliance, where or-
ganisations display RAI commitments while protecting in-
stitutional priorities from ethical interruption. These mech-
anisms produced conditions in which practitioners regularly
recognised harm but lacked the authority, protection, or col-
lective support to act on that recognition. We propose that
countering RAI hegemony requires collective and enforce-
able infrastructures, including Corporate Social Responsibil-
ity (CSR)-embedded ethics residencies, anonymous reporting
mechanisms, and vernacular harm taxonomies grounded in
community knowledge rather than imported risk categories.

Introduction
Artificial intelligence (AI) has rapidly transformed from
lab-researched technologies into foundational infrastructure
shaping decisions in healthcare (Panch, Mattie, and Celi
2019), finance (Cao and Zhai 2022), education (Holmes and
Tuomi 2022), and public services worldwide (Chen et al.
2021; Sheikh, Prins, and Schrijvers 2023). As ethical, so-
cial, and political ramifications grow more pronounced (UN-
ESCO 2021), Responsible AI (RAI) has emerged to guide
the ethical, transparent, and socially aligned development
of AI systems. However, RAI discourse remains contested,
with disagreements over which responsibilities to priori-
tise, how to operationalise them, and whose values should
define standards (Jobin, Ienca, and Vayena 2019; Morley
et al. 2021). Much RAI literature reflects Euro-American
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perspectives and institutional priorities (Sambasivan et al.
2021), articulated through voluntary codes, fairness metrics,
and auditing protocols (Winfield and Jirotka 2018; Vakkuri
et al. 2019). Critics argue that such approaches risk reduc-
ing ethics to technical checklists, enabling ethics washing
rather than fostering genuine accountability (Floridi 2019;
Wagner 2019; Hao 2019), while many frameworks assume
Western principles are universally applicable (Ghoshal et al.
2025), a stance criticised as epistemic imposition (Bhatt
et al. 2022; Khanuja, Ruder, and Talukdar 2023). AI practi-
tioners who design, develop, and deploy AI systems receive
limited scholarly attention (Holstein et al. 2019; Madaio
et al. 2020). Recent studies reveal that practitioners often
articulate ethical concerns but lack the authority to enforce
change (Widder et al. 2023), face organisational barriers that
constrain implementation (Madaio et al. 2020), and bear in-
dividual responsibility for systemic issues (Ali et al. 2023).
However, this practitioner-focused research has predomi-
nantly examined Euro-American contexts, leaving unclear
how RAI unfolds in non-Western settings.

India provides a compelling case for examining RAI be-
yond Western contexts. As a global technology hub (Jalote
and Natarajan 2019) and AI back office (Sarkar 2023), In-
dia hosts major software operations for multinational cor-
porations while positioning itself as a development centre
through initiatives such as AI for All (NITI Aayog 2018;
Matthan and Javed 2025; India 2025). Indian practitioners
contribute significantly to global AI systems while working
within distinct socio-technical conditions marked by dig-
ital divides, linguistic diversity, entrenched hierarchies of
caste, gender, and religion, and weak regulatory enforce-
ment (Khanuja, Ruder, and Talukdar 2023). Despite India’s
central role in global AI development, practitioner perspec-
tives remain largely unexplored. We report on a two-stage
empirical investigation addressing this gap. We surveyed 16
AI practitioners to assess RAI awareness and guide inter-
view design, then conducted in-depth interviews with 18
practitioners from industry and academia who have lived
and worked in India. Our research questions are as follows:

• RQ1: How do AI practitioners in India perceive RAI?
• RQ2: What challenges do practitioners face in adopting

RAI practices?
• RQ3: What structural conditions produce RAI hegemony



in India, and what collective infrastructures are needed to
counter them?

Our findings reveal that practitioners experience RAI
as an individual ethical burden without institutional sup-
port, framing it as either an ideology or a toolkit, while
marginalised practitioners uniquely conceptualise it as cor-
rective justice. We document how organisations prioritise
performative compliance while enabling systematic data
misuse, and how cultural narratives position RAI as femi-
nine and a career liability. Our work makes four contribu-
tions: (1) empirical insights into how RAI is framed and
contested in Indian AI practice; (2) identification of struc-
tural barriers at individual, organisational, and societal lev-
els; (3) a theorisation of these challenges as a doubly hege-
monic system in which global Western RAI frameworks and
local caste-gender hierarchies converge to determine legiti-
mate ethical knowledge, operating through epistemic silenc-
ing, technosolutionism, and performative compliance as in-
terlocking mechanisms; and (4) a proposal of collective and
enforceable infrastructures for countering the challenges.

Related Work
RAI: Concepts and Worldviews
Responsible AI addresses ethical concerns arising across AI
development and deployment, building on value-sensitive
design (Friedman 1996) and early research on computa-
tional bias (Friedman and Nissenbaum 1996). Its central
commitments include fairness (Madaio et al. 2022; Deng
et al. 2023b), transparency (Toy 2024; Corbett and Denton
2023), accountability (Novelli, Taddeo, and Floridi 2024),
and privacy and security (Chowdhary, Ingber, and Andalibi
2025). These commitments appear across industry frame-
works (Bellamy et al. 2018) and scholarship on algorithmic
justice (Marjanovic, Cecez-Kecmanovic, and Vidgen 2022)
and participatory design (Birhane et al. 2022). Critical schol-
arship, however, shows that RAI frameworks may extend
Western norms while excluding alternative knowledge sys-
tems, thereby reproducing algorithmic colonisation (Adams
2021). Research on epistemic injustice similarly demon-
strates how AI can produce testimonial and hermeneutical
harms by marginalising non-Western epistemologies (Kay,
Kasirzadeh, and Mohamed 2024). RAI therefore remains
contested across different worldviews (Jakesch et al. 2022),
yet limited attention has been paid to how these tensions
are shaped by professional practice and organisational cul-
ture (Ruster and Davis 2025), particularly beyond the Global
North (Okolo, Dell, and Vashistha 2022). We address this
gap by examining how AI practitioners in India understand,
negotiate, and identify with RAI in their everyday work.

Practising RAI
Translating RAI principles into practice remains challeng-
ing across roles including data scientists, engineers, product
managers, and ethicists (Holstein et al. 2019). Practition-
ers may recognise ethical problems yet lack the authority
to intervene (Madaio et al. 2020), operate within organi-
sational power asymmetries (Widder et al. 2023), and en-
counter cross-functional communication barriers and techni-

cal decisions that constrain which models are considered ac-
ceptable (Lu et al. 2022; Muralikumar and McDonald 2024;
Ashktorab et al. 2023). These difficulties reflect structural
rather than solely individual failures. Organisations often
concentrate ethical responsibility on practitioners through
ethics washing (Ali et al. 2023), while institutional dynam-
ics restrict their capacity to act (Widder et al. 2023; Deng
et al. 2023a). Although RAI guidelines also fail to translate
into practice in Global North settings (Sadek et al. 2024),
India’s combination of weak enforcement, caste and gender
hierarchies, and epistemic asymmetries produces a distinct
form of this failure, reducing complex inequalities to algo-
rithmic problems (Birhane 2025) and exposing the limits of
AI auditing as a sufficient response (Birhane et al. 2024).

RAI in South Asia
While RAI scholarship has developed theoretical frame-
works and documented practitioner challenges, it remains
largely grounded in Euro-American contexts. Research in
India demonstrates why these frameworks cannot be trans-
ferred without attention to local sociotechnical conditions.
Algorithmic fairness approaches often fail to reflect Indian
realities (Sambasivan et al. 2020), while AI systems may re-
produce Western norms that homogenise expression (Agar-
wal, Naaman, and Vashistha 2025). Cultural models of self
also shape patterns of interaction (Ge et al. 2024), and Indian
users relate differently to AI authority and trust (Kapania
et al. 2022). Healthcare studies make these tensions visible
through explainable AI tools for community health workers
(Solano-Kamaiko et al. 2024), chatbots deployed through
Accredited Social Health Activists (Ramjee et al. 2025), and
ethnographic research on maternal health programmes (Is-
mail et al. 2023a). Together, these studies show how tech-
nical interventions encounter culturally specific constraints
involving usability, literacy, and data availability (Anuyah
et al. 2024; Ismail et al. 2023b). These challenges are situ-
ated within a policy landscape that balances AI innovation
against risk mitigation (Biju and Gayathri 2023), alongside
linguistic diversity that constrains deployment while also
creating opportunities to bridge social divisions (Kalyanakr-
ishnan et al. 2018).

Placing India within broader Global South debates re-
veals related structural patterns. African practitioners face
weak enforcement and infrastructural barriers (Okolo 2023),
which Birhane characterises as forms of algorithmic coloni-
sation that reproduce dependency (Birhane 2023). In In-
dia, these dynamics are shaped by resource constraints and
entrenched inequalities (von Braun and Baumüller 2021),
even as the state advances claims around digital sovereignty
(Png 2022). Research from Bangladesh similarly docu-
ments weak enforcement, voluntaristic data practices, and
the individualisation of ethical labour (Mayeesha, Islam, and
Ahmed 2025; Elahi, Srinivasa, and Emruli 2025). India and
Bangladesh therefore converge in the gap between stated
principles and practice, but differ through India’s sovereign
AI framing and the role of caste in producing distinctive
forms of epistemic exclusion. This literature establishes the
need for situated, practitioner-informed RAI approaches that
address structural inequality and power rather than import-



ing universalist frameworks from the Global North.

Theoretical Framework
We adopt Gramsci’s theory of hegemony as our primary
analytical framework (Gramsci 1998). Gramsci argues that
dominant classes maintain power not through coercion
alone, but through the production of consent, whereby par-
ticular ideologies become naturalised as common sense,
making alternative ways of thinking difficult to articu-
late within existing institutional arrangements. Central to
this framework is the concept of transformism, through
which counter-hegemonic critique is absorbed and redi-
rected into forms that ultimately leave dominant structures
intact (Gramsci 1998). We supplement this with two related
analytical frameworks. Dotson’s 2011 account of epistemic
violence provides tools for examining how organisational
structures silence practitioners through testimonial quiet-
ing and smothering, processes through which speakers are
denied knower status within the very settings where their
knowledge is most consequential. Morozov’s 2013 concept
of technosolutionism extends transformism into contempo-
rary technological contexts, identifying how political and
structural problems are systematically reframed as techni-
cal optimisation problems. Together, these frameworks ori-
ent our analysis towards questions of institutional power,
knowledge legitimacy, and the conditions under which ethi-
cal critique can and cannot be heard. We apply them to the
Indian context where, as Brown et al. (2025) have begun to
show, cultural hegemony shapes which concerns within AI
research are treated as legitimate. The intersection of global
Western RAI discourse and local caste-gender hierarchies
creates a doubly hegemonic configuration that our data al-
lows us to examine empirically.

Methodology
Our study used a two-phase sequential design, beginning
with a survey of Indian AI practitioners that assessed general
awareness of RAI and informed subsequent semi-structured
interviews. We use AI practitioner” to include those profes-
sionally involved in the design, development, deployment,
evaluation, or governance of AI systems, spanning technical
roles such as machine learning engineers and data scientists
and non-technical roles such as product managers, policy re-
searchers, and ethics reviewers (Rismani and Moon 2023).
We also include academic researchers because research and
deployment in the Indian AI ecosystem frequently overlap,
with academics contributing to applied projects and industry
practitioners participating in research-adjacent governance
work (Madaio et al. 2022). We distinguish responsibility” as
practitioners’ perceived normative obligations for the ethi-
cal conduct of their work from “accountability” as the or-
ganisational or structural mechanisms through which such
obligations are attributed, enforced, and redressed (Novelli,
Taddeo, and Floridi 2024). This distinction allows us to ex-
amine cases in which practitioners experience responsibil-
ity without corresponding institutional accountability. Par-
ticipants had lived and worked in India and had experience
in AI development, deployment, or governance, including

practitioners currently based in India and those who had re-
located while maintaining ties to the Indian AI ecosystem.

Survey
Instrument Development and Pilot Testing The sur-
vey assessed awareness of RAI principles and practices
and informed the interview guide. It covered demographics
and professional background, engagement with RAI frame-
works, organisational structures and resources, familiarity
with Indian AI policy, and self reported implementation
challenges. We first conducted cognitive interviews with
five convenience sampled participants from our professional
and personal networks, comprising three industry practition-
ers and two academics, to identify culturally appropriate
terminology and refine questions on organisational struc-
tures, Indian AI policy, and cultural considerations. We then
piloted the survey with three additional practitioners, two
from industry and one from academia. Feedback on clar-
ity, length, and functionality led to minor wording changes
and clarifying examples for policy questions. Cognitive and
pilot interview participants were excluded from the main
dataset to prevent potential bias. Following piloting, we ad-
ministered the survey through Google Forms to 16 partici-
pants, evenly divided between industry and academia, whose
roles included machine learning engineers, product man-
agers, postdoctoral researchers, and assistant professors. Re-
cruitment drew on professional networks and alumni associ-
ations from Indian technical institutions, LinkedIn, What-
sApp, specialised forums, partnerships with AI labs and
technology companies, conference networks, and snowball
sampling. Data collection ran for six weeks between April
and May 2025, and completion took approximately 11 min-
utes. Participants were offered a 500 INR, or 5 USD, Ama-
zon gift card, although only three accepted, with most de-
clining because they wished to contribute to academic re-
search. All participants were of Indian ethnicity. Thirteen
were based in India and three in the UK, EU, and US with
lived experience in India. Among those based in India, two
identified as caste minorities, two as a religious minority,
and one as an ethnic minority. Demographics appear in Ta-
ble 1. We analysed open ended responses qualitatively. Two
researchers independently coded responses inductively, met
regularly to discuss decisions, and resolved discrepancies
through consensus. Codes were iteratively refined into three
broader patterns concerning gaps in institutional account-
ability, divergent framings across roles, and limited policy
awareness, which directly informed the interview protocol
by identifying tensions for deeper qualitative exploration.

Interviews
Protocol Development and Participant Recruitment
We iteratively developed our interview guide based on the
survey findings and RAI implementation literature, trans-
lating the three survey patterns into targeted probes. These
probes examined organisational power dynamics and com-
pliance environments in the absence of institutional support;
explored role-specific framings and the gap between organ-
isational rhetoric and practitioners’ lived experiences; ad-
dressed how India’s social structures shape approaches to



Interview participants

ID Domain AI Exp. Age/Gen. Location

P1 Acad. 6 30–35/W India

P2 Ind. 4 25–30/M EU

P3C Acad. 10 35–40/M India

P4R Ind. 4 25–30/W India

P5 Acad. 12 40–45/M India

P6 Ind. 7 30–35/NB India

P7 Acad. 5 30–35/W EU

P8 Acad. 4 25–30/M India

P9 Ind. 9 35–40/W India

P10 Acad. 8 30–35/W India

P11 Ind. 4 30–35/M India

P12 Ind. 8 35–40/W US

P13 Acad. 4 25–30/W India

P14 Acad. 11 35–40/M India

P15 Ind. 6 30–35/W India

P16 Ind. 4 25–30/NB India

P17 Acad. 4 25–30/M India

P18C Ind. 5 30–35/W UK

Survey respondents

ID Domain Role Age/Gen. Location

S1 Acad. Assistant Professor 30–35/W India

S2C Acad. Lecturer 35–40/M India

S3R Acad. Postdoctoral Fellow 30–35/W India

S4 Acad. Associate Professor 40–45/NB India

S5 Acad. Assistant Professor 30–35/W EU

S6C Acad. Lecturer 35–40/NB India

S7 Acad. Senior Lecturer 40–45/W India

S8 Acad. Postdoctoral Fellow 30–35/W UK

S9E Ind. ML Engineer 25–30/M India

S10 Ind. Data Scientist 30–35/W India

S11R Ind. Product Manager 30–35/M India

S12 Ind. AI Researcher 35–40/W US

S13 Ind. Software Engineer 25–30/M India

S14 Ind. Data Engineer 25–30/W India

S15 Ind. Policy Specialist 35–40/W India

S16 Ind. UX/AI Practitioner 30–35/NB India

Abbreviations: Acad. = Academia; Ind. = Industry; W = Woman; M = Man; NB = Non-binary; AI Exp. = years of experience with AI.
Superscript denotes self-reported minority status: C = caste minority; R = religious minority; E = ethnic minority.

Table 1: Participant demographics.

RAI; and elicited practitioners’ perspectives on institutional
reforms and public engagement. Interviews followed a semi-
structured format and included 18 participants. Participants
were recruited through targeted convenience sampling, in-
cluding outreach to women-in-tech networks and technol-
ogy unions composed exclusively of caste and religious mi-
nority technology professionals in India, to ensure represen-
tation of underrepresented practitioners. Professionals from
smaller organisations and those with international experi-
ence were recruited separately through personal networks.

Piloting and Data Collection We piloted our interview
guide with four practitioners (two from academia, two from
industry) to test the flow, timing, and effectiveness of the
questions. Pilot interviews revealed the need for additional
questions on power dynamics and cultural considerations,
which we incorporated into the final protocol. Pilot inter-
viewees were excluded from the main analysis to prevent
contamination bias, as exposure to preliminary protocol ver-
sions could influence response patterns and compromise
data independence (van Teijlingen and Hundley 2002). Fol-
lowing pilot testing, we conducted 18 semi-structured inter-
views with practitioners representing diverse demographic
and professional backgrounds. Interviews were conducted
in English or Hindi based on participant preference. Pilot in-
terviewees, survey participants, and main interviewees were
three distinct groups with no overlap. All interviews were
audio-recorded and transcribed with consent, lasting 45–70
minutes (mean: 52 minutes), generating approximately 15
hours of data. All participants received INR 1,000 (approxi-
mately £10) compensation. The sample included 18 partici-
pants evenly split between academia and industry, aged from
their mid-20s to mid-40s, with 4–12 years of AI experience.

14 participants were based in India, and 4 were based in the
EU, UK, and US (of Indian ethnicity and with lived experi-
ence in India). Our sample included men, women, and non-
binary participants. Three Indian participants reported mi-
nority status (caste, religious, or ethnic). Demographics are
detailed in Table 1.

Data Analysis Interviews were transcribed verbatim. We
employed inductive thematic analysis following Braun and
Clarke’s six-phase framework (Braun and Clarke 2006).
Two researchers collaboratively ensured rigour and relia-
bility through repeated reading and note-taking to famil-
iarise themselves with the data. Both researchers indepen-
dently coded all transcripts, meeting regularly to refine the
codebook and resolve discrepancies through consensus un-
til agreement and code saturation were reached (i.e., no new
codes were developed). Both researchers then coded all tran-
scripts using the finalised codebook and resolved any re-
maining disagreements through discussion. The researchers
then searched for themes by grouping related codes and
identifying patterns. They systematically reviewed and re-
fined preliminary themes to ensure they accurately repre-
sented the coded data and addressed the research questions.
Finally, they defined and named the final themes with clear
definitions and scope, maintaining detailed records of all
analytic decisions and theme development throughout the
process. This systematic approach enabled a comprehensive
understanding while ensuring rigour through collaborative
interpretation and consensus-building. Sample size in qual-
itative research is debated (Braun and Clarke 2006), and
data saturation is inherently subjective (Braun and Clarke
2019). We assessed data saturation by iteratively refining our
themes until we determined that we had fully captured the



meanings necessary to address our research questions. Our
sample size of 18 participants aligns with qualitative guide-
lines that prioritise depth over generalisability (Vasileiou
et al. 2018).

Survey Findings

The survey (n=16) scoped how Indian practitioners under-
stood RAI and identified issues for deeper exploration in
interviews. Three patterns informed the interview proto-
col. First, although 8/16 respondents reported internal RAI
frameworks, many described limited authority, time, and
resources for applying them. Common concerns included
Global North bias (9/16), lack of localised examples (9/16),
insufficient guidance (5/16), and language barriers (4/16).
Participants also described responsibility as largely docu-
mentary, with expectations recorded in policies but little
corresponding capacity to act. We therefore added probes
on organisational power, resource constraints, and compli-
ance without institutional support. Second, industry respon-
dents emphasised auditing and compliance, whereas aca-
demics more often foregrounded justice and equity. RAI en-
gagement was also predominantly industry-oriented (12/16),
with participants noting that it appeared more often in pre-
sentations than in everyday workflows. Interviews conse-
quently examined how organisational setting and profes-
sional role shaped RAI practice and the gap between formal
commitments and operational practice.Third, 9/16 respon-
dents were initially unaware of India’s national RAI strat-
egy, although several reviewed it when prompted by the sur-
vey. Their critiques focused on its derivative character and
limited attention to caste, linguistic diversity, and bottom-
up participation. At the same time, 15/16 considered policy
important. We therefore added questions on caste, language,
economic disparity, public participation, and institutional re-
form. Together, these survey findings shaped an interview
protocol focused on how organisational structures, profes-
sional roles, and Indian social contexts condition the prac-
tice of RAI.

Interview Findings

Interviews enabled us to investigate the tensions identified
in the survey and capture how practitioners negotiate RAI
in everyday contexts. We organise our findings across indi-
vidual, organisational, and societal levels, building on prior
qualitative work on RAI practice that distinguishes individ-
ual ethical burdens from organisational constraints (Widder
2024; Ali et al. 2023). We extend this framework by intro-
ducing a societal level to capture cultural narratives and edu-
cational dynamics that precede workplace entry and are par-
ticularly salient in the Indian context. Addressing RQ1, we
examine how practitioners conceptualise RAI at the individ-
ual level. Addressing RQ2, we document the structural and
institutional challenges they encounter at the organisational
and societal levels, including weak governance, systematic
data misuse, and cultural barriers that shape RAI practice
before practitioners enter professional settings.

Different Conceptions of Responsibility
Before practitioners could describe what constrained Re-
sponsible AI, they first had to articulate what they under-
stood it to mean. These definitions varied widely, revealing
different assumptions about the purpose of RAI and the con-
texts in which practitioners engaged with it.

Ideology, Toolkit, or Justice Practitioners’ definitions of
Responsible AI reflected fundamentally different under-
standings of what the concept was intended to achieve and
whom it should serve. For the majority of academic par-
ticipants (n=8) and some industry participants (n=2), RAI
was inseparable from a broader normative vision of what In-
dia should become as a society. P1 articulated this directly,
stating that “Responsible AI for a nation like ours has to
be about uplifting the poor, helping the honest and safe-
guarding the vulnerable. It cannot be just about bias and
fairness, we have to go past that.” Others in this group em-
phasised national integrity, linguistic diversity, and obliga-
tions towards communities historically excluded from tech-
nological development, positioning RAI as a matter of social
commitment rather than technical compliance. For some in-
dustry practitioners (n=7) navigating delivery timelines and
client expectations, the same question produced a categori-
cally different response. P11 described RAI in terms resem-
bling technical debt management: something real and even-
tually necessary, operationalised through audits and bench-
marks rather than normative commitment. While consid-
ered important in principle, RAI was also viewed as po-
tentially restrictive given the pace at which products were
expected to move. The most substantively distinct framings
came from practitioners whose relationships with Indian in-
stitutions had been shaped by direct experiences of exclu-
sion. P3 and P18, both from caste minority backgrounds,
described RAI as a form of corrective justice that emerged
not through scholarly engagement but through accumulated
experiences of discretionary institutional power operating
without accountability. P3 recalled watching a relative spend
hours at a ration store arguing with an official who refused to
provide the designated quantity of wheat and rice after the
relative caught him manipulating the weights of his beam
balance. For P3, the prospect of AI reducing such discre-
tionary power represented a felt necessity rather than a tech-
nocratic ambition. P18 extended this framing when asked
what Responsible AI should accomplish, stating that “I ac-
tually want AI to take over the role of people who abuse the
system and take advantage of those who are weak. And when
that happens, Responsible AI will have the most important
role to play.” Both participants emphasised that this vision
depended on responsible design, noting that irresponsible
systems could simply encode the same prejudices at scale,
removing the human face without removing the harm. P14
situated all three framings within a shared structural prob-
lem when discussing governance, arguing that the concen-
tration of authority among political leaders, executives, and
academic gatekeepers was precisely what limited RAI effec-
tiveness in practice. They argued that “Responsible AI has to
be decentralized if you actually want it to work. Otherwise it
will become like the other laws in the country. It would look



good on paper, but essentially will have no impact at all.”

Personal Ethics and Professional Compromise Practi-
tioners in industry and academia consistently described re-
sponsibility as central to their professional identity, but their
accounts became more complex when they reflected on what
this meant for their day-to-day work. The ethical weight
practitioners attached to their roles extended beyond for-
mal job descriptions. P9, who worked at a legal AI com-
pany specialising in analysing data for case summaries, ex-
plained that decisions about data privacy and algorithmic
fairness carried significance beyond the workplace because
she understood how the systems she built could affect peo-
ple’s access to credit, employment, and surveillance. She
stated, “My job at my company is to automate report cre-
ation for certain specific legal cases. I know if something
goes wrong there, my work can affect a person’s life and
family adversely”. P15, who worked in healthcare AI, de-
scribed a similar level of awareness, noting that systems
developed by her team to recommend patient treatments to
doctors had real-world consequences and that ignoring these
implications felt like a moral failure, regardless of her formal
responsibilities. She explained, “I am aware if my team’s
product recommends something to a doctor which does not
consider the patient’s state of affairs or financial capacity,
then the patient will be burdened with an unsound decision.
Now the company has not asked me to ensure this, but I can-
not not do it.” Both accounts reflected not only ethical com-
mitment but also an acute recognition of the gap between
practitioners’ sense of responsibility and the organisational
structures available to support it. P11 captured this tension,
stating that “at the end of the day I need this job and I need
to be able to survive. I need to be able to put food on my
plate. But I also need to be someone who I am.” This ten-
sion highlighted the difficulty of sustaining personal ethics
alongside professional demands.

Gendered Silencing Women practitioners in industry and
academia described workplace dynamics that extended be-
yond a lack of support, reflecting patterned forms of epis-
temic marginalisation that constrained how their contribu-
tions were received and recognised. P1 recounted an in-
stance in which she raised concerns about algorithmic dis-
crimination against women in India during a staff room dis-
cussion, only for a senior colleague to reframe her argument
as personal sentiment rather than technical critique. This re-
framing undermined both the content and authority of her
contribution. Similarly, P10 described being routinely spo-
ken over and ignored in syllabus team discussions for gen-
der and AI ethics courses, leading her to document concerns
in writing because written records were harder to dismiss or
overwrite. These dynamics also appeared in institutional and
policy contexts. P13, while serving on a state government
advisory committee on AI policy, raised concerns about how
proposed welfare and policing systems might reproduce ex-
isting patterns of gender-based exclusion. A senior male pro-
fessor dismissed her intervention, arguing that focusing on
women’s issues was less important than priorities likely to
attract state investment and recognition. This framing po-
sitioned enfranchisement as secondary to capital-oriented

considerations and was not challenged by others present. In-
dustry accounts further illustrated how marginalisation was
normalised through informal practices. P15 described iden-
tifying gendered patterns in a user-profiling system that as-
signed labels such as “emotional”, “frisky”, and “volatile”
disproportionately to accounts presenting as women. When
she raised this concern, her manager dismissed it as not
legally actionable and trivialised the observation through a
personal remark that elicited laughter, effectively ending fur-
ther discussion. Here, humour functioned as a mechanism of
deflection that diffused critique while reinforcing the legit-
imacy of the system. Participants further highlighted how
these experiences were intensified through intersections of
caste, religion, and gender. P4, an AI researcher from a re-
ligious minority community, described a “double impossi-
bility” in which she had to establish the legitimacy of her
knowledge before advancing substantive arguments. She ex-
plained, “This happened sometime during a company skills
seminar and workshop where I was trying to point out to
a speaker that we need to build benchmark datasets from
the ground up by understanding people’s experiences and
focus more on those historically oppressed. The speaker im-
mediately retorted back saying that it is easy for women to
say all this because they get all the advantages in a com-
pany compared to men and being a religious minority like
you means no one can argue due to fear of law.” P18 sim-
ilarly reflected on these intersecting constraints, noting that
“as a Dalit woman AI practitioner, it was very difficult for
me in India to be in the field. When you are a woman and
a caste minority and you have to fight these spontaneous
challenges where people will irritate you and write stuff that
would seem like minorities want to be the centre of atten-
tion and you cannot go with the flow.” Together, these ac-
counts illustrate how structural and interactional dynamics
constrain not only participation but also the conditions un-
der which knowledge claims are recognised and legitimised
within AI practice.

Organisational Structures Enabling
Irresponsibility
Practitioners’ individual struggles were embedded within or-
ganisational conditions that not only failed to support ethi-
cal practice but actively constrained it. Across accounts from
industry and academia, participants described structural ar-
rangements that limited responsible AI practice while main-
taining its rhetorical appearance.

Economic Incentives and Performative Compliance Cul-
ture Participants with experience across Indian and Eu-
ropean organisational contexts drew consistent distinctions
in how responsible practice was resourced and incentivised.
P2 described Indian startups where venture capital cycles
and scaling targets positioned responsible practices as costs
rather than standards, with ethical risks considered only
when directly raised by clients. This produced what multiple
participants characterised as a performative compliance cul-
ture, where ethical commitments appeared in documentation
and slide decks but were addressed reactively, and where
raising concerns carried professional risk rather than institu-



tional support. These conditions were particularly visible in
dataset preparation. P12 described overseeing post-training
work in India-origin AI labs where annotators operated un-
der throughput targets that made careful deliberation struc-
turally impossible, with managers instructing annotators to
mark ambiguous outputs as acceptable rather than declining
or refining them. In at least two instances she was aware of,
preference pairs were fabricated when pipelines fell behind
schedule, with managers explaining that “the client doesn’t
care what’s in the pairs as long as we have the numbers
right.” The same conditions shaped safety evaluation prac-
tices. Findings that implicated client design decisions were
removed from red-team reports before delivery, as P9 de-
scribed, with final reports stating that models had passed
without significant findings. When P6 raised concerns that
a model was producing derogatory terms such as “hijra” and
“kinnar” for queer communities, the response invoked both
regulatory absence and cultural normativity to dismiss the
concern. The manager stated that “these communities are a
menace to society, why do you want to give them so much
value, our culture is not supportive of it anyway, there is
no point in being extra moral. If we care about them, our
clients will not care extra for us.” This framing positioned
the concern as not only unnecessary but also culturally inap-
propriate, effectively removing it from the domain of legit-
imate technical critique. P2 situated these dynamics within
a broader economic logic, noting that “when an economy is
driven only by short-term profits, implementing Responsible
AI becomes very difficult. That is what is happening in India.
[...] Responsible AI is expensive and stifles innovation.”

Weak Governance and Institutional Complicity Partic-
ipants described governance structures that existed formally
but, in practice, served to evade accountability. Compliance
roles were often held by personnel without technical exper-
tise or organisational authority to challenge senior leader-
ship. P11 recounted how a concern he raised about model
hallucination was evaluated not on ethical grounds but on
whether the resulting harm would be attributable to the com-
pany. He described the issue saying, “The company where I
am working right now is building an AI-powered advisory
tool for financial planning that is deployed directly to retail
customers. During internal testing, we consistently observed
the model confidently generating fabricated fund names, in-
accurate return figures, and nonexistent regulatory provi-
sions. When I flagged that customers could make real finan-
cial decisions based on this false information, my supervi-
sor directly told me as long as we have a disclaimer in the
terms of service we are fine and at the end of day you are re-
sponsible for compliance, not me.” The same transactional
logic operated at senior levels of organisational decision-
making. P12 described a case where a post-deployment
audit revealed that a model was hallucinating citations to
medical guidelines in a clinical decision-support product,
with leadership comparing the projected cost of retraining
against the likelihood that any misdiagnosis could be traced
back to the system, and proceeding with the existing model
while framing the calculation as “just how risk is managed
here, it’s not personal.” Participants also described politi-

cal relationships as an informal layer of governance protec-
tion specific to the Indian context. When companies antici-
pated scrutiny for harmful model outputs, including content
promoting political polarisation or limiting minority rights,
leadership sometimes managed this risk through proximity
to politicians who could influence enforcement bodies rather
than through remediation. For startups seeking government
grants, such proximity was sometimes a condition of access.
P9 described third-party evaluation firms being warned not
to criticise sovereign AI models too harshly. P16 described a
mental health chatbot evaluated for domestic violence sup-
port that was found to centre spirituality and cultural defer-
ence to the spouse rather than clinical referral or rights-based
framing, with the evaluation team declining to formally flag
this because “we don’t want to malign their company, if we
make this a big issue we probably won’t get another contract
from them.” P11 situated these dynamics within a broader
structural condition, observing that “I don’t think we can
ever get rid of malpractices unless we remove the unneces-
sary bureaucratic issues in India. Imagine even if Respon-
sible AI legislation is passed, implementing will always be-
come a hurdle and some organisations will always go for the
corruption route.”

Systematic Data Misuse Participants described data pro-
curement and reuse practices that were not exceptional but
constitutive of AI development in the environments where
they had worked. P9 described annotation firms as the con-
nective tissue of a supply chain in which mobile carriers,
point-of-sale companies, marriage agencies, and political
consulting firms supplied raw data consumed by AI devel-
opment teams. The same datasets were copied, resold, and
reused across multiple projects without the individuals con-
cerned ever being informed. A participant working in an
India-origin AI lab described the absence of protocols gov-
erning data handling, noting that “I think no one in these
small or mid size labs in our country follow any protocol.
You will find data related to the most vulnerable populations
without any kind of masking or redaction and you can easily
make it out who they are and what they have said.” Data col-
lection practices in the field reproduced similar conditions.
P15 described exercises in rural areas where residents pro-
vided voice recordings and household information under the
framing that participation would improve government ser-
vices, with consent forms presented only after recording ses-
sions and handed to participants who in some cases could
not read them. The same dataset was subsequently used for
three separate model training tasks across different clients,
none connected to the government services framing under
which it had been collected. P6 described a parallel prac-
tice in which lower-income urban residents were recruited to
record telephone conversations with third parties who were
not informed, with the audio then sold as naturalistic con-
versational data. LGBTQ+ individuals were specifically tar-
geted for voice data collection by some organisations, with
those commissioning the work framing this to data collec-
tors as “someone has to do this, we need to uphold our cul-
ture.” When P9 asked about data provenance, she was told it
was proprietary or outside her need to know, describing the



broader condition this reflected by saying that “the mental-
ity of cutting costs on all accounts makes us use the same
datasets everywhere and nobody cares about consent then.”
The regulatory environment provided no effective deterrent.
P15 described a case in which a company found to have ille-
gally collected biometric data was fined an amount smaller
than what it had already earned from that dataset, creating
conditions in which violations became calculated business
decisions. Practitioners working within these conditions de-
scribed a form of compelled complicity, with one participant
noting that “people have no idea their data is being traded,
labelled, and fed into AI systems. They are not even part of
the conversation, yet they are the raw material.” Another
described the professional logic sustaining silence among
those who suspected data had been improperly sourced, say-
ing that “you know something is wrong with how the data
came to you, but you also know if you raise it, the project gets
delayed, the client gets angry, and you become the problem.
So most people just look the other way.”

Cultural and Societal Barriers
The organisational dynamics practitioners described were
sustained and reproduced by educational norms and civic
structures extending beyond individual workplaces. Partic-
ipants’ accounts of these broader conditions revealed how
the foundations for responsible AI practice were shaped be-
fore practitioners entered professional settings.

RAI as Feminine Work and Career Liability Academic
participants described student resistance to RAI as shaped
by overlapping cultural and professional pressures rather
than simple disinterest. Students consistently framed en-
gagement with ethics as a marker of technical weakness and
as belonging more appropriately to the social sciences than
to computer science and engineering. P1 noted that students
often characterised serious engagement with ethical ques-
tions as making one better suited to other disciplines. This
framing also affected enrolment, with male students signifi-
cantly underrepresented in ethics courses and those who en-
rolled often not attending, as peer culture positioned ethics
as a feminine endeavour. When P14 attempted to connect
reinforcement learning concepts to the conditions of data
workers, explaining how annotators were poorly paid and
marginalised by rapid scaling, students responded directly
that “sir, this is not CS, let the people in social sciences look
into all of this.” When he introduced caste in the context of
evaluation benchmarks, including work such as BharatBBQ
that addresses these issues directly, students pushed back
on the grounds that “if we discuss the problem like this we
will invite more problems and this will become a political
discussion like gender.” Resistance to caste as an evalua-
tion category was entangled with anxiety about politicisa-
tion, positioning acknowledgement of structural harm as it-
self a professional risk. This risk had concrete professional
consequences. P7 described a student who completed an AI
ethics elective and was subsequently asked in a job interview
for an e-commerce company whether studying ethics meant
they might expose vulnerabilities or hold an activist mind-
set rather than being a real engineer. The student did not

get the job, and the account circulated among peers, with
other students asking P7 whether they should omit ethics
coursework from their CVs entirely. Several academic par-
ticipants described responding to this pressure by rebranding
courses from AI Ethics or Responsible AI to AI Safety, find-
ing that the latter attracted more engagement while the un-
derlying resistance to sociotechnical thinking persisted. The
same dynamics shaped interdisciplinary encounters. P5 de-
scribed humanities students who arrived enthusiastic about
contributing to RAI but encountered sustained disrespect
in joint courses with computer science peers who ques-
tioned their presence as a barrier to innovation, reflecting
that “sometimes when I hear my students it seems to me that
they want Engineering and CS to be insulated from Social
Sciences. I do not of course support that but I know many
within my fraternity who do.”

Absence of Civic Contestation Participants who had con-
sulted for companies developing AI safety guardrails de-
scribed evaluation tools and protocols designed without gen-
uine engagement with the harms they were intended to de-
tect. P3 described a red-teaming exercise in which the pro-
tocol covered explicit hate speech and child sexual abuse
material but excluded caste-based discrimination, despite
the system being deployed in India where such outputs
were both likely and consequential. When he questioned
this omission, the exclusion was described as a deliber-
ate scoping decision rather than an oversight. P8 described
working as a labeller for a major language model company
where annotators received a spreadsheet with three broad
categories—toxic, safe, and sexual—without cultural or
contextual guidance. Bengali political slogans were flagged
as unsafe while violent rhetoric in English passed through
unreviewed because the reviewer overriding the flags did not
read Bengali. Regional slurs directed at women that were
not detected by the classifier were withheld from the client
report, with the team lead explaining that “if we focus so
much on these issues we might not get another contract from
them.” Commercial considerations therefore shaped not only
what was evaluated but also which findings were allowed
to enter the record. P13 argued that this facade of safety
persisted because affected communities lacked both aware-
ness that these systems were making consequential decisions
about them and mechanisms to contest those decisions. Most
AI research produced in India, she noted, was published
for technical audiences rather than engaging empirical and
critical traditions that could surface these concerns for af-
fected communities. P9 and P12 similarly characterised the
absence of civic contestation as structural rather than inci-
dental, describing the need for sustained infrastructures for
dialogue between researchers, policymakers, and communi-
ties rather than episodic public education efforts. One prac-
titioner situated this absence within a longer temporal hori-
zon, warning that “there is no point in doing Responsible AI
if we let our personal values, especially those that are hurt-
ful, get into AI systems. This is going to be a big challenge
in the future when people find out how companies have mis-
treated and misappropriated them.”



Discussion
Addressing RQ3, our discussion proceeds in two parts. First,
we theorise RAI practice in India as a doubly hegemonic
system in which Western/Global North technical frame-
works and local caste-gender hierarchies converge to deter-
mine legitimate ethical knowledge, operating through three
interlocking mechanisms: epistemic silencing, technosolu-
tionist channelling, and performative compliance. Second,
we argue that countering this hegemony requires collective
and enforceable infrastructures rather than stronger individ-
ual ethical commitment.

Hegemony, Technosolutionism, and Performative
Responsible AI
We argue that RAI practice in India operates as a hegemonic
system. Our findings show that practitioners did not simply
lack better tools or clearer principles; rather, they worked
within institutions that had already shaped which ethical
concerns could be voiced, softened, or dismissed. Follow-
ing Gramsci, hegemony describes how dominant ways of
thinking cause specific ideologies to become accepted as
common sense, often resulting in their institutionalisation
through consent rather than coercion (Gramsci 1998). We
identify two such dominant ideologies in our data. Glob-
ally, dominant RAI frameworks equated responsibility with
audits, metrics, and safety procedures, making technical re-
sponses appear more legitimate than critiques of institutional
power (Jobin, Ienca, and Vayena 2019). Locally, as partici-
pants described, caste, gender, class, and professional hier-
archies shaped whose concerns were taken seriously within
India’s AI landscape. Together, global RAI vocabularies and
local hierarchies did not merely coexist but actively legit-
imised each other, providing a respectable language of re-
sponsibility through which caste and gender authority could
be exercised without appearing as such. Some practition-
ers, such as P3 and P18, however, challenged this domi-
nance. For them, Responsible AI was not primarily about
model error but a demand for accountability from policing,
welfare, and bureaucratic systems that had already failed
them. This corrective justice understanding of RAI repre-
sented a counter-hegemonic possibility, where RAI could
discipline institutional power rather than optimise technical
artefacts. The question our analysis pursues is why this pos-
sibility proved difficult to sustain within Indian AI organ-
isations. This difficulty became apparent in how organisa-
tions received structural critiques from practitioners. Con-
cerns about caste exclusion, gendered labelling, discrimina-
tory welfare systems, and data misuse were routinely re-
framed as personal grievance, political sensitivity, or ob-
struction. As our findings show, women practitioners were
spoken over, caste and religious minority practitioners had to
establish credibility before their arguments could be heard,
and ethical concerns implicating clients or managers were
treated as threats to delivery timelines and contract continu-
ation. Drawing on Gramscian accounts of epistemic exclu-
sion, Dotson describes this process as testimonial smother-
ing, through which speakers are denied knower status within
the very settings where ethical knowledge is most needed

(Dotson 2011). Under these conditions, corrective justice
understandings of RAI were not rejected through delibera-
tion but prevented from entering organisational reasoning as
legitimate knowledge. Technosolutionism can therefore be
understood as emerging from this narrowing of ethical ex-
pression, not as a freely chosen ideological position but as
the only form in which critique could survive institutional
reception. Participants’ concerns became legible to their or-
ganisations only when recast in technical terms—arbitrary
institutional power became a problem of system improve-
ment, gendered harm became a question of cultural scope,
and discriminatory outputs became entries in red-team re-
ports rather than evidence of deeper institutional failure.
Morozov’s concept of technosolutionism, which identifies
the conversion of political problems into optimisation prob-
lems and resonates with Gramscian transformismo (Moro-
zov 2013), is reflected in our findings, where this conversion
was less a deliberate choice than a structural consequence
of environments in which critique had already been made
extraordinarily difficult to voice.

The conversion of political problems into optimisation
problems also worked to the advantage of hegemonic actors,
since framing harm as a system defect kept scrutiny focused
on technical artefacts rather than on the people and insti-
tutions deciding what systems were built, whose data was
used, and which harms were ultimately counted. Performa-
tive RAI completed and sustained this arrangement by al-
lowing organisations to affirm their commitment to responsi-
bility without any corresponding redistribution of authority.
P2 described RAI appearing in formal materials while be-
ing addressed only reactively, P9 described evaluation firms
being warned against criticising sovereign AI models too
strongly, and P16 described a team declining to formally
flag harmful outputs in a mental health chatbot for fear of
jeopardising future contracts. These accounts reflect a pat-
tern that Metcalf and Moss describe as the corporatisation
of ethics, through which responsibility language is adopted
while institutional priorities remain insulated from scrutiny
(Metcalf, Moss, and boyd 2019), and which Green extends
by showing how organisations can sustain an appearance of
accountability while preventing precisely the reforms that
genuine accountability would require (Green 2022). This
arrangement was further stabilised by the absence of civic
contestation described by our participants, where affected
communities lacked both awareness that consequential deci-
sions were being made about them and mechanisms through
which to challenge them, removing the external pressure that
might otherwise have made performative compliance costly.
Gramsci observed that hegemony is maintained not through
outright suppression but through the incorporation of dis-
sent into forms that leave the dominant order undisturbed
(Gramsci 1998). In this sense, performative RAI functioned
effectively in the organisations our participants described,
where the language of responsibility circulated freely while
the practices it represented remained oriented less towards
ethical transformation than towards managing ethical ap-
pearance.



Countering RAI Hegemony Through Collective
and Enforceable Infrastructures

Countering RAI hegemony cannot rely on asking individual
practitioners to become more ethical. Our findings show that
practitioners regularly recognised harm but lacked the au-
thority, protection, or collective support to act on that recog-
nition. Ali et al. describe this as the individualisation of risk,
where organisations adopt ethical language while leaving in-
dividuals to carry the burden of critique without the struc-
tural power to produce change (Ali et al. 2023). In the Indian
context, this burden was further shaped by caste, gender,
religion, and professional hierarchy. Meaningful interven-
tion therefore requires infrastructures that redistribute eth-
ical labour, make organisational irresponsibility costly, and
create space for vernacular accounts of harm to enter tech-
nical and governance practice.

A first requirement is to shift ethical responsibility from
isolated individuals to collective mechanisms. Since Indian
companies already face obligations to allocate resources to
Corporate Social Responsibility (CSR) initiatives (Jumde
and du Plessis 2020), CSR-linked AI ethics residencies
could embed academics, civil society organisations, and
NGO-based practitioners within industrial AI development
from the outset, using the legal weight of CSR to reduce de-
pendence on voluntary corporate goodwill (McLennan et al.
2020, 2022). Ethics bounty programmes could serve a re-
lated function by treating the identification of safety failures,
discriminatory outputs, data misuse, and social harm as re-
munerated expertise rather than unpaid activist labour (Wal-
she and Simpson 2020; Dennler et al. 2023). These mech-
anisms would help surface risks that are currently invisi-
ble or suppressed within corporate hierarchies while low-
ering the personal cost of speaking up. Practitioners also
need spaces for collective deliberation outside immediate
workplace hierarchies. Local chapters of professional or-
ganisations focused on ethical AI, alongside mentorship
programmes analogous to Athena or MATS, could allow
women and caste-marginalised practitioners to engage with
techno-ethical concerns without fear of trivialisation.

A second requirement is enforceable governance. Per-
formative compliance persists when organisations can dis-
play RAI commitments without facing consequences for ir-
responsible deployment. Anonymous reporting mechanisms
should allow practitioners to flag system-level risks directly
to national AI enforcement bodies when internal hierarchies
suppress dissent. Data misuse requires stronger user-centred
governance: systems collecting sensitive data should pro-
vide clear opt-out controls at the point of collection, and
India’s Digital Personal Data Protection Act should be up-
dated to address the specific risks posed by intelligent sys-
tems (Naithani 2024). The aim is a governance environment
in which irresponsibility has organisational rather than only
individual consequences.

A third requirement is to build RAI around vernacular ac-
counts of harm rather than imported universalised risk cat-
egories. Justice-oriented approaches to AI design offer one
route for translating the lived experiences of marginalised
communities into system development and governance prac-

tice (Krafft et al. 2021; Santoni de Sio, Almeida, and van den
Hoven 2021). Vernacular harm taxonomies could document
how communities understand misclassification, exclusion,
surveillance, welfare denial, and caste and gender-based dis-
crimination in their own terms (Kennedy and Vargas Cam-
pos 2024), with civil society organisations mediating be-
tween grassroots documentation and formal governance pro-
cesses. For instance, P3’s account of a ration official manip-
ulating weights against a caste-minority relative captures a
form of discretionary institutional harm that no existing risk
category addresses, yet precisely the kind of harm P3 under-
stood RAI as being equipped to discipline.

These interventions are not without friction. Anonymous
reporting mechanisms presuppose enforcement bodies insu-
lated from the political protection networks our participants
described, CSR-linked residencies depend on compliance
infrastructure that remains uneven in practice, and ethics
bounty programmes risk commodifying the very labour they
aim to redistribute. As Wright (2020) notes, no structural
intervention is free of implementation caveats. What mat-
ters, therefore, is that these mechanisms shift ethical respon-
sibility away from isolated individuals towards collective
and enforceable structures. Educational institutions must
also challenge the positioning of RAI as secondary or ac-
tivist. Rather than confining ethics to optional modules, uni-
versities should embed RAI within core technical training,
with regulatory guidance from bodies such as the All India
Council for Technical Education normalising this integra-
tion across engineering curricula.

Conclusion

Our findings show how global Western RAI frameworks
and local hierarchies jointly shape legitimate RAI prac-
tice in India. Caste marginalised and women practition-
ers most clearly articulated counter hegemonic perspec-
tives, often framing RAI as corrective justice against un-
accountable institutional power. These perspectives were
frequently silenced or redirected into technosolutionist re-
sponses that preserved existing frameworks and organisa-
tional hierarchies, while performative compliance allowed
organisations to signal responsibility without institutional
consequences. Addressing these conditions requires collec-
tive and enforceable infrastructures that redistribute ethical
labour, impose consequences for organisational irresponsi-
bility, and bring vernacular accounts of harm into technical
and governance practice. RAI scholarship should therefore
treat hegemony as a structural condition shaping the prin-
ciple practice gap.As a qualitative study, our findings are
not statistically generalisable beyond our purposive sample
(Lincoln and Guba 1985), although variation in organisa-
tional contexts, professional roles, and locations supports
situated understanding and analytical transferability (Flyvb-
jerg 2006). Representation across gender, caste, religious,
and ethnic minorities remained limited. Future work should
examine these dynamics across more diverse and intersec-
tional practitioner populations.
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and Wallach, H. 2019. Improving Fairness in Machine
Learning Systems: What Do Industry Practitioners Need?
In Proceedings of the 2019 CHI Conference on Human
Factors in Computing Systems, CHI ’19, 1–16. New York,
NY, USA: Association for Computing Machinery. ISBN
9781450359702.
India, E. 2025. AIdea of India 2025: Policy agenda for India.
Technical report, EY India.
Ismail, A.; Thakkar, D.; Madhiwalla, N.; and Kumar,
N. 2023a. Public Health Calls for/with AI: An Ethno-
graphic Perspective. Proc. ACM Hum.-Comput. Interact.,
7(CSCW2).
Ismail, A.; Thakkar, D.; Madhiwalla, N.; and Kumar, N.
2023b. Public Health Calls for/with AI: An Ethno-
graphic Perspective. Proc. ACM Hum.-Comput. Interact.,
7(CSCW2).
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